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Cognitive control of speed-accuracy trade-off in a neural model of two-stage decision making
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Introduction Results

100 simulated trials in the speed and accuracy conditions Simulated behavioural data

Decisions are faster and less accurate when conditions favour speed (vice versa for accuracy) Reward rate is maximized with a higher “decision threshold” in the speed condition

Speed-accuracy trade-off (SAT) reveals a cognitive control mechanism for decision processing
See Standage, Blohm and Dorris, Front Neurosci, 2014

Reaction times are longer than in the data
r r = number of accurate trials / (total RT + 1200ms)
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Visual neurons showed (1) higher baseline, (2) higher response magnitude and (3) earlier target-in / target-out separation . g Heat map shows results for one set of parameter
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| 3 Our FEF model addressing the FEF data by Heitz and Schall (2012, 2013)
Example trial (speed condition) shows the neural signatures of our simplified model (Standage, Wang and Blohm, 2014)
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i Sum all synaptic currents onto target and distractor populations
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